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Climate change poses a number of problems to water resources. The precipitation change, expressed in FIVE HIDDEN STATES CALCULATED ON THE ENTIRE YEAR

amount of rainfall and occurrence of wet/dry days, could cause seasonal and annual shift in the climatology of
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The HMM assumes that observations are generated from a mixture of distributions among which subjects T
move according to a hidden Markov chain, and that rainfall occurrence is governed by a few discrete states, g e feb e
with Markovian daily transitions between them. HMM used here follows the approach of the (Hughes and =
Guttorp, 1994) to model daily rainfall occurrence, while additionally modeling rainfall amounts (Robertson et al.
2004-2006). In NHMM the transition probabilities are allowed to vary with time, and so it generalizes the
homogeneous HMM. In particular for downscaling applications, the transition probabilities between states are
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The Conference is organized within the Research Project of National Interest (PRIN)
"Assessing, Planning and Managing the Territory and the Evironment Locally in Sub Saharan Africa”
developed by DIST-Politecnico di Torino (prof. Maurizio Tiepolo) and DICEA-Sapienza University of Rome (prof. Silvia Macchi)



